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“Deal of the Day” Platforms: What Drives Consumer
Loyalty?
Maintaining a loyal customer base is challenging for “Deal of the Day” (DoD) platforms. DoD
providers market and sell deals on products and services, yet it is the merchants who
ultimately deliver those to consumers. Low entry and switching costs drive competition in
this market. However, research on the determinants of user loyalty in the DoD context is
limited. This study uses Grounded Theory and Structural Equation Modeling to explore the
phenomenon of DoD platform loyalty. Particularly, monetary benefits, signal-to-noise ratio,
perceived risk, and service friendliness during a merchant encounter emerge as powerful
determinants of loyalty in this novel context.
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1 Introduction
In the last several years “Deal of the Day”
(DoD) websites, such as Groupon, Liv-
ingSocial, and DailyDeal, have enjoyed
tremendous success as the steep increase
of subscribers and revenue has made evi-
dent. 36.9 million customers actively pur-
chase deals on Groupon – the leading
DoD platform (Groupon 2012). For a
company that is less than five years old,
these growth rates are astounding.
Often, popularity of DoD platforms
among users is attributed to the sub-
stantial discounts offered by merchants
on group deals. For example, Groupon
claims to have saved a whopping $980
million for consumers in North America
alone (Groupon 2011b). Beyond sheer
savings, DoD customers are attracted
by the opportunity to explore new ser-
vices, activities, and locations. Consid-
ering these advantages it comes as no
surprise that DoD providers have al-
ready reached half of all US online con-
sumers (eMarketer 2011). Equally, busi-
nesses are quickly learning to capital-
ize on this new marketing channel. For
many of them, DoD platforms repre-
sent a unique opportunity to promote
their services without a dedicated ad-
vertising budget – an enormous benefit
for small businesses struggling to survive.
Largely used as a marketing tool, deals
have been found to account for 6.5 %
of total promotional marketing spend-
ing (Boon et al. 2012). In fact, the pop-
ularity of Groupon among businesses is
so high that Groupon ‘days’ are typi-
cally booked out for months in advance
(Agrawal 2011a). Considering these ben-
efits for both consumers and merchants,
the DoD concept has an unprecedented
potential to create value.
Despite this popularity, DoD providers
face many challenges. Even the most suc-
cessful DoD provider, Groupon, reported
staggering net losses shortly after its ini-
tial public offering and recognized the
need to better understand consumer be-
havior and promote loyalty intentions
(Groupon 2011a). While repatronage in-
tentions have been extensively discussed
in the marketing and e-business liter-
ature in the past (e.g. Chaudhuri and
Holbrook 2001), DoD platforms repre-
sent a novel and unique environment.
First, the business model of DoD plat-
forms is closely linked to the participat-
ing merchants – the third parties whom
DoD providers have little control over
(Brown 2011). Second, recruitment of
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merchants and promotion of daily deals
implies an expansive sales and marketing
outlay. Third, the DoD business model
can be easily reproduced with numer-
ous providers competing for merchants,
consumer attention, and money: there
were at least 30 and 221 DoD platforms
in Germany and North America respec-
tively as of June 2012 (preisgenial.de
2012; yipit.com 2012). Additionally, deal
aggregators, such as dealbind.com, of-
fer consumers a convenient interface to
track deals from various providers, fur-
ther reducing switching costs to a negli-
gible factor. Finally, there are some con-
cerns that DoD customers are possibly
fatigued and overwhelmed, particularly
since most deals are advertised via email
newsletters (Dholakia and Kimes 2011).
Promoting user loyalty to the DoD
platform and thereby supporting deal
sales represents the most important strat-
egy to ensure the long-term survival
in the competitive DoD market. Con-
sequently, in this study we aim to in-
vestigate the determinants of user loy-
alty to a DoD provider. In the first step,
we employ an exploratory lens to study
DoD platform loyalty on the basis of
qualitative analysis. Next, confirmatory
techniques are used to test our theoreti-
cal and qualitative findings with a larger
sample of DoD users. Beyond theoretical
value, our results offer practical insights
into how DoD customer loyalty can be
ensured.
2 Theoretical Background
The phenomenon of customer and user
loyalty has received extensive coverage in
the Marketing and Information Systems
(IS) literature in the past (e.g., Chaud-
huri and Holbrook 2001; Oliver 1999;
Reichheld et al. 2000; Kim and Son 2009).
As customers dictate profits, their loy-
alty is critical for a company’s growth
and its bottom line (Chow and Reed
1997). In existing studies, loyalty is typi-
cally used as an umbrella term to describe
an array of desirable attitudinal and be-
havioural characteristics (Dick and Basu
1994). From the attitude perspective, loy-
alty is reflected in the positive predisposi-
tion to a provider, in the intention to use
the service again and the willingness to
recommend it to others. On the behav-
ioral side, loyalty mainly translates into
the repeated use of the system and ac-
tual recommending behavior (Hair et al.
2003). For online services, loyalty is es-
pecially important since word-of-mouth
spreads fast online and recommenda-
tions of loyal customers can generate new
followers (Reichheld and Schefter 2000).
State-of-the-art research suggests that
the perception of benefits an individ-
ual obtains from using the online ser-
vice is one of the key determinants of
user loyalty online (Kim and Son 2009).
In this context, marketing literature sug-
gests a variety of benefits customers can
gain from participating in sales pro-
motions, similar to those offered in a
DoD environment. For example, Chan-
don et al. (2000) differentiate between
hedonic benefits, such as opportunities
for value expression, entertainment, and
exploration on the one side, and utili-
tarian benefits, including savings, oppor-
tunity to gain a better quality and en-
hancement in shopping convenience on
the other. For the DoD setting, the pre-
liminary findings on the role of particu-
lar benefits in user repatronage behavior,
however, remain controversial. On the
one hand, Dholakia and Kimes (2011)
show that DoD consumers in US are
less responsive to the size of the dis-
count, suggesting that other mechanisms
may determine deal purchasing behavior,
such as desire to explore and share one’s
experiences with others. Capitalizing on
these hedonic motives, the DoD major
provider, Groupon, views itself as provid-
ing cool and unique experiences, instead
of simple discounts (Sennett 2012). The
findings of Erdog˘mus and Çiçek (2011),
however, draw a different picture. In their
qualitative study, DoD consumers are
mainly motivated by savings, with search
for novelty and variety playing an impor-
tant but secondary role. Similar findings
are reported by Tuten and Ashley (2011),
who demonstrate a significant effect of
both monetary and exploration motives,
with monetary motives exerting a visi-
bly higher effect on enjoyment value of
a DoD transaction. All in all, research
evidence on the motivational patterns
of DoD users is mixed, which calls for
further exploration of this phenomenon.
Beyond perceptions of benefits, the
Information Systems (IS) continuance
model posits that user satisfaction a
latent construct incorporating affective
perceptions regarding service – is another
critical factor in user loyalty (Bhattacher-
jee 2001). The development of this fac-
tor depends on both perceptions of ben-
efits and confirmation of expectations –
a construct reflecting the extent to which
prior expectations of users regarding an
IS have been met (Bhattacherjee 2001;
Kim and Son 2009). Even though these
factors are likely to equally define loyalty
intentions towards a DoD provider, the
insights on the satisfaction levels of DoD
users as well as on how DoD platforms
and participating merchants perform in
meeting customer expectations are scarce
and inconclusive. For example, examin-
ing customer deal experience, Kimes and
Dholakia (2011) find DoD consumers to
be largely satisfied with their restaurant
deals. In contrast, respondents in the Er-
dog˘mus and Çiçek (2011)’s study report
the feelings of resentment, discrimina-
tion, and cases of poor treatment when
redeeming DoD vouchers. These nega-
tive reports are complemented by re-
search focusing on the merchant side of
DoD promotions, as it reveals the intri-
cacies of the “merchant–consumer” in-
teraction in the DoD context. For exam-
ple, Dholakia (2010, p. 11) argues that
DoD promotions “give too much value
to consumers and not enough value to
the small businesses than run them”. As
a result of these asymmetries, every fifth
DoD buyer reports being treated differ-
ently than a regular customer despite
the ex-ante marketing premise of DoD
campaigns (GoDealla 2011). These neg-
ative experiences are then reflected in
plummeting online ratings, as dissatisfied
users report their negative experiences on
review platforms like Yelp (Byers et al.
2012).
Overall, insights provided by the liter-
ature on traditional couponing suggest
that ensuring loyalty in the DoD con-
text should be particularly hard given
the characteristics of customers these
platforms are likely to attract. Since
deal proneness is stable across different
types of products and services (Bawa
and Shoemaker 1987), it is expected
that similar types of consumers are at-
tracted to DoDs. Specifically, field stud-
ies conducted in offline contexts find
that coupon users are price-conscious
consumers with a more price-elastic de-
mand function, a lower reservation price
and lower opportunity costs for time
(Narasimhan 1984; Pindyck and Rubin-
feld 1995). Since price considerations
are critical for these consumers, they
have a higher propensity to switch to
another provider if a better offer is
available (Krishnamurthi and Raj 1991).
While this conclusion finds strong sup-
port in the couponing literature, a study
conducted by Kimes and Dholakia (2011,
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p. 27) rejects the notorious reputation of
DoD users as being “fickle” by demon-
strating that DoD users are not less loyal
than non-users. However, the existence
of fundamental discrepancies among re-
search conclusions uncovers a significant
need for systematic research specifically
targeting DoD domain.
In conclusion, while some recent stud-
ies have examined deal experience of
DoD users (Erdog˘mus and Çiçek 2011),
their motives (Erdog˘mus and Çiçek 2011;
Tuten and Ashley 2011) and demo-
graphic characteristics (Kimes and Dho-
lakia 2011; Tuten and Ashley 2011), the
evidence on motivations for DoD use,
satisfaction, and loyalty remains mixed.
Moreover, to the best of our knowledge
none of the studies have systematically
studied the determinants of loyalty to-
ward a DoD provider. Considering the
importance of understanding customer
loyalty in the DoD context, this study
adopts a two-stage approach presented
below.
3 Exploratory Stage:
Understanding the Phenomenon
of User Loyalty to a DoD Provider
3.1 Study Design andMethodology
Despite existence of a significant body
of research investigating determinants of
customer loyalty in both offline and on-
line contexts (e.g., Dick and Basu 1994;
Chaudhuri and Holbrook 2001; Reich-
held and Schefter 2000), in the first
stage of this study an explorative ap-
proach relying on Grounded Theory
(GT) was adopted for the following rea-
sons. First, DoD business model is a
new phenomenon, with Groupon being
on the market for only few years. This
implies possible existence of novel and
not yet explored factors, which, how-
ever, may have significant implications
for both theory and practice. For ex-
ample, Groupon and other DoD plat-
forms rely heavily on email marketing:
Groupon emails are sent to an astound-
ing 150 million subscribers (Peak 2012).
This approach to promoting DoD offers
creates both opportunities and challenges
for ensuing customer loyalty. Moreover,
in most studies exploring customer loy-
alty online, the online platform provider
is typically responsible for delivering the
service and is therefore able to adjust
customer experience in the favourable
direction (e.g., Srinivasan et al. 2002).
This, however, is not the case with DoD
platforms, in which a platform provider
and a service provider (a merchant) are
two separate entities, maximizing their
own distinct utility functions. A possi-
ble misalignment of the incentives intro-
duces a new level of complexity to mod-
eling the determinants of loyalty, not ad-
dressed by previous research. Application
of GT techniques to explore field data
may reveal these and other new areas of
interest.
Initially, two focus groups (FGs) with
DoD users in Germany (eleven students
and one working professional) were con-
ducted. Additionally, seven young profes-
sionals and one student were interviewed
for 15 to 25 minutes to address limita-
tions of the predominantly student com-
position of FGs. To provide for a mean-
ingful discussion, a prior purchase and
redemption of at least one deal was a pre-
requisite for the FG/interview participa-
tion. Both FGs and interviews involved
a comparable set of questions focusing
on participants’ attitudes towards the use
of DoD platforms, their experience with
the purchased deals and their loyalty in-
tentions. All FG subjects and intervie-
wees were living in Germany at the time
of their participation, even though the
background of FG participants was pre-
dominantly international. 8 respondents
were female and 12 male with mean age
of 26.3 (median 25.5). To include opin-
ions of non- and former users, 4 students
(2 females and 2 males) who reported not
to use DoD (at all or not any more), all
living in the US, were asked to provide
a written statement outlining the reasons
for their non-use. In total, opinions of 24
respondents were included in our quali-
tative analysis, resulting in a data corpus
of 20988 words.
The “Straussian” line of GT was cho-
sen as an approach to data analysis
since it does not contradict existence of
prior knowledge and a research question
(Matavire and Brown 2008; Strauss and
Corbin 1990, 1998). Following Strauss
and Corbin (1990, 1998), our analysis
involved three stages. In the open cod-
ing stage, the materials were analyzed
to derive initial ‘labels’ and understand
emerging data patterns. While in the ini-
tial stage of the analysis three indepen-
dent coders were involved, whose task
was to identify and agree on the prelim-
inary code structure on the basis of FG
materials, finalization of the coding on
the basis of the overall dataset was per-
formed by the first author using the pro-
cess of iterative comparison. Emerging
codes were combined into higher level
categories. For example codes such as
“fair price”, “rip-off”, “not making a great
deal”, were subsumed under the category
“Value for Money”, which in turn is a
descriptive property of “Merchant En-
counter” – a uniting category involving
factors contingent on the performance
of a third-party (service) provider, but
nonetheless having a direct effect on user
attitudinal and behavioral loyalty to a
DoD provider – our phenomenon. In the
axial coding stage, relationships between
emerging categories and subcategories at
their respective dimensional levels were
derived and analyzed (e.g., Krasnova et al.
2010). In this process, relevant text ex-
cerpts were assigned to the main cate-
gories within the coding paradigm (e.g.,
Strauss and Corbin 1990, 1998; Win-
kler et al. 2011, p. 5). Emerging relation-
ships are explicated below via quotations
(Q), by pointing out categories and their
salient dimensions in square brackets. Fi-
nally, in the process of selective coding,
several categories were brought together
to bring the model to an appropriate level
of abstraction. Throughout the analysis,
past research was consulted and previ-
ous findings were allowed to flow into
the coding process, when our data pro-
vided basis for it. This helped to em-
bed our findings within existing theoret-
ical terminology and discourse (Matavire
and Brown 2008; Winkler et al. 2011).
Figure 1 presents a conceptual model
derived as a result of this analysis.
3.2 Exploration of the Phenomenon,
Actions, and Strategies
In line with previous literature, two sides
of consumer loyalty – attitudinal (att.)
and behavioural (beh.) – emerged from
our data (e.g., Chaudhuri and Holbrook
2001; Dick and Basu 1994). Consid-
ering the causal nature of these sub-
dimensions, the attitude-related codes
were assigned to the ‘phenomenon’ part
and action-oriented codes were captured
in the ‘actions and strategies’ part of
our paradigm-driven framework (Strauss
and Corbin 1990, 1998). We find that
when a favourable attitude is present,
respondents are often willing to repur-
chase, follow, and involve others in the
group-buying promotions: “I used it a lot
since I came to Germany (beh. loyalty:
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Fig. 1 Conceptual model of loyalty formation on “Deal of the Day” platforms. The first number in square brackets reflects
a number of times this category was mentioned across our data. The second number reflects the number of respondents
mentioning this category (max. 24)
Repurchase: high),1 [. . .], I actually have
a positive impression of Groupon (att.
loyalty: positive) because [. . .] it’s cheap
(savings: high)2” (Q). At the same time,
a negative attitude led users to abandon
the platform and/or unsubscribe from
emails. In some cases attitudinal loyalty
was present, but no behavioral loyalty
was reported due to causal or intervening
conditions: “I do have a Google Offers
subscription [. . . ], however I have never
made a purchase (beh. loyalty: Repur-
chase: low). I have yet to see a deal that
really grabs my attention (signal-to-noise:
low). [. . . ] I think they offer great deals. . .
(att. loyality: positive)” (Q). Only few
respondents reported an overtly neg-
ative attitude towards DoD platforms,
partly due to the notorious reputation
of DoD providers for exploiting par-
ticipating merchants and partly due to
respondents’ negative experiences when
redeeming their deals. These findings
are consistent with Dholakia and Kimes
(2011), who reject the presence of fatigue
for DoD customers, providing evidence
for a high level of repurchase intentions,
particularly for heavy DoD users.
3.3 Causal and Intervening Conditions
A number of categories emerged from
our data, with their properties influenc-
ing the development of loyalty attitudes,
moderating the relationship between at-
titudes and behavior, and leading to the
emergence, and enhancement of certain
heuristics.
Perceived Benefits of DoD Promotions:
Seven categories of perceived benefits
emerged as motivators to participate in
DoD promotions. While these benefits
emerged directly from our data, most
of them, except for ‘socialization’, cor-
respond to consumer benefits of sales
promotions identified by Chandon et al.
(2000). Therefore we adopted their nam-
ing approach. We find that utilitarian in-
centives, such as savings and ability to ob-
tain products and services of better qual-
ity without having to spend more, to-
gether form an important group of ben-
efits motivating users to come back. In-
deed, as DoD platforms typically offer
reductions of 50 % or more, getting a
discount is the major driver to return
and buy DoD deals (Kimes and Dho-
lakia 2011; Rueter 2011). These mone-
tary incentives often went hand in hand
with exploration benefits, as respondents
acknowledged being motivated by the
search for variety, novelty, need for ex-
ploration and curiosity (Chandon et al.
2000; Hui et al. 2006): “I am using it more
to seek things (beh. loyalty: Follow: high)
that I’m interested in; but for which I
don’t want to pay in the next months. I
just pay for some classes of something,
1The following scheme is used to present the logic of axial coding: [Category: Sub-category: dimension].
2Some quotations were edited for style to improve readability.
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just to try it (exploration: high)” (Q).
Together, these motives were not always
beneficial for merchants: Attracted by the
opportunity to save and explore, respon-
dents were often buying deals in places
they cannot typically afford or which
were too far away. As a result, “adverse se-
lection” of customers took place, which
undermined the purpose of DoD pro-
motions for merchants: In fact, out of
19 deals that twelve respondents in our
FGs described in detail, only 5 resulted in
customer retention. Convenience bene-
fits emerged as another category motivat-
ing users to engage with DoD platforms,
with respondents sometimes using these
sites as heuristics to find ways to spend
leisure time, select places to eat out,
choose presents, thereby reducing their
search and time costs (Chandon et al.
2000). Potential of DoD promotions to
provide users with benefits of entertain-
ment, value expression or socialization
were only rarely and marginally men-
tioned. For example, two respondents re-
ported feelings of pride of being a smart
shopper – an important component of
value expression category: “. . . people
around me were paying 120 € and I just
paid 30 (savings: high), [. . .] I was the
wise one! (value expression: high)” (Q).
Perceived Costs of DoD Promotions: Six
factors emerged as impediments of user
loyalty. Among them, low signal-to-noise
ratio – the proportion of potentially rele-
vant deals to the overall number of deals
promoted by a DoD provider – surfaced
as the major hurdle to continuous use.
Since the quest for exploration is an ex-
pected benefit of DoD promotions (Er-
dog˘mus and Çiçek 2011), respondents re-
ported being frustrated by the “repeat-
ing” offers and dominance of only a
few specific deal categories. This coin-
cides with a sentiment often expressed
in the media, that DoD deals tend to
concentrate on restaurants and “spa and
beauty” offers (Rueter 2011) – instead
of more pertinent needs of consumers
(Perez 2012a). Overall, low signal-to-
noise ratio goes hand in hand with re-
spondents being overwhelmed by the
sheer amount of promotional offers they
receive per email: “I don’t like getting so
many emails (signal-to-noise ratio: low)
[. . . ] Now, I just delete all the emails
(heuristics email coping: Delete), I just go
there when I need something (beh. loy-
alty: Follow: low)” (Q). Paradoxically, it
is the volume of email traffic with ill-
fitting offers – a core promotional tech-
nique most DoD platforms rely on (By-
ers et al. 2011) – that stands in the way of
consumer acceptance.
Furthermore, perceived risk surround-
ing deal purchases was frequently men-
tioned as a factor inhibiting DoD use.
This was particularly true for the “experi-
ence” category of services, such as restau-
rants, for which a final outcome was hard
to anticipate: “I would never buy a prod-
uct or a service (beh. loyalty: Repurchase:
low), for which I don’t know what the
quality is (perceived risk: high)” (Q). As
a result, many respondents claimed to
avoid certain types of deals or to spend
more time on collecting information be-
fore the purchase: “I would not buy this
again. And even if, I would check the
price (heuristics deal selection: Search for
Information)” (Q). Of less importance
were user concerns regarding loss in tim-
ing flexibility, due to the notorious dif-
ficulty of making an appointment with
an overwhelmed merchant, choice lim-
itations (e.g., fixed content of a menu
in restaurant deals), overspending, and
privacy.
Encounter with the Merchant: Respon-
dents often projected their experiences
from a merchant encounter to their DoD
attitudes: “My impression [of Groupon]
is also a little bit negative (att. loy-
alty: slightly negative). . . . I had two re-
ally bad experiences recently and that is
why my opinion has changed about it. . .
(merchant encounter: negative)” (Q). Two
properties emerged as particularly salient
in creating these spill-over effects. First,
perceived value for money – an ex post
evaluation of a deal as a bargain – was of-
ten mentioned, with respondents resent-
ing unexpected costs imposed on them
when redeeming the deal: “. . . in the end
a lot of stuff was just extra. [. . .] So
it was not such a cheap deal. . . (value
for money: moderate)” (Q). This finding
is consistent with extant research, which
shows a direct link between perceived
value of the deal and customer satisfac-
tion (Cronin et al. 2000). Second, dis-
satisfaction with customer treatment by
the merchant emerged as an important
impediment of DoD loyalty in this cate-
gory. This is paradoxical, since DoD pro-
motions are mainly used as tools to in-
crease brand awareness and gain new cus-
tomers (Dholakia 2010). In this context,
respondents elaborated on their experi-
ences of being treated like second-rate
customers: “You don’t get a 200 gram
portion, you get only 150 (customer treat-
ment: poor)” (Q). Providing rationale for
this counter-intuitive outcome, Dholakia
(2011) finds that merchants and their
employees are often frustrated with the
quality of attracted customers, viewing
them as “deal hunters”. Allegedly, low
levels of tipping and upselling, but also
the sheer number of to-be-served clien-
tele are at the roots of this phenomenon
(Agrawal 2011b). Additionally, respon-
dents were often aware of the strain DoD
promotions impose on merchants (e.g.,
Agrawal 2011b). As a result, they an-
ticipated to be treated badly to begin
with, even when there was no appar-
ent reason for it. This anticipation inten-
sified respondents’ self-consciousness –
another perceived cost of DoD partici-
pation – referring to a mixture of neg-
ative emotional outcomes such as feel-
ings of shame, embarrassment, and neg-
ative self-image (Honea and Dahl 2005):
“. . . you take your voucher and you
show it, ok we are Groupon customers;
we are not normal customers [. . . ]. And
maybe they are not acting different,
but you feel different (self-consciousness:
high)” (Q). Overall, state of elevated self-
consciousness was not an exception, lead-
ing users to avoid sharing their DoD ex-
periences: “My friend thought that I’m
kind of a cheap buyer (self-consciousness:
high), so after that I decided not to
share [the deal purchase] with anybody
(beh. loyalty: Word-of-Mouth: low)” (Q).
From the theoretical perspective, this
self-report suggests that attitudinal loy-
alty is an important but not a sufficient
precondition of behavioural loyalty, with
some users finding themselves in a state
of “latent loyalty” (Dick and Basu 1994,
p. 101).3
Intervening Conditions: In addition, an
array of platform-, deal-, and consumer-
related properties defined the context
of our phenomenon, intervening with
the motivational structure behind user
loyalty and its consequences. Particu-
larly, customers’ price consciousness, re-
flected in “a concern for purchase out-
lays” (Lichtenstein et al. 1988, p. 245),
emerged as a consumer characteristic of
high importance. For example, admitted
price consciousness made some respon-
dents less sensitive to customer treatment
3We would like to thank an anonymous reviewer for this valuable suggestion.
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Fig. 2 Research model of loyalty formation on “Deal of the Day” platforms
aspects and more tolerant towards low
signal-to-noise ratio. This is in line with
existing literature which shows that price
conscious consumers are willing to spend
extra efforts or deal with inconveniences
to find and redeem the cheapest offer
(Rao et al. 2000; Urbany et al. 1996).
3.4 Consequences
Since most respondents saw significant
value in using DoD platforms, they de-
veloped a set of strategies to mitigate the
negative effects associated with their us-
age. For example, to manage the flood of
emails, respondents adopted a variety of
coping heuristics, including setting up fil-
ters, dedicating separate email accounts
or deleting emails. Expecting only a small
proportion of the deals to fit their in-
terests, respondents in most cases only
scanned email headlines, rarely opening
DoD emails to study the offers. As re-
spondents collected some negative expe-
riences with a merchant, their heuristics
for deal selection improved as well. They
spent more time reading terms and con-
ditions, avoided deals with particularly
high discounts and got more involved
when choosing the deal. Some claimed to
avoid deals with significant human con-
tact: “Gyms are the same, paintball is the
same everywhere. But I would be afraid of
using it for restaurants. . .” (Q) to avoid
the state of elevated self-consciousness or
bad treatment by the staff. Some have
also improved their merchant encounter
heuristics, only approaching a merchant
in a big group of friends; promising
a merchant to come back, or giving a
higher tip.
Together, our data-driven conceptual
model provides a detailed overview of the
determinants of user loyalty in the DoD
context.
4 Confirmatory Stage: Examining
Determinants of User Loyalty
4.1 Design and Scope of the Study
Even though analysis of the qualitative
data is a typical domain of GT applica-
tions, Glaser (1992) argues that quantita-
tive evidence can also be integrated into
the analysis to further validate research
propositions. A growing number of IS
studies have successfully adopted this ap-
proach by combining insights gained via
GT-based models with findings obtained
via confirmatory methods with larger
samples (e.g., Krasnova et al. 2010). Fol-
lowing these arguments, in the second
study we verify a set of identified re-
lationships using quantitative data ob-
tained from a survey of DoD customers.
While application of GT has led us to de-
rive 42 categories related to each other, in
the quantitative study we primarily con-
centrate on testing the relationship be-
tween user loyalty to a DoD provider and
nine constructs, which emerged as most
salient properties of the main categories
of our data-driven framework. Specifi-
cally, the following hypotheses formed
the basis of our research model (Fig. 2):
Hypotheses (H1–H4): Users’ perceptions
regarding savings (H1) | quality (H2)
| exploration (H3) | convenience (H4)
benefits of DoD promotions have a
positive impact on loyalty to a DoD
provider.
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Table 1 Demographic characteristics
Measure Measure Pre-test (n = 179) Main study (n = 202)
Demographics
Current location US 27.9 % 10.9 %
Germany 72.1 % 89.1 %
Gender Male 41.9 % 36.5 %
Female 58.1 % 63.5 %
Age Mean 26.0 24.9
Median 25 24
Occupation Students 83.2 % 92.5 %
Employed 14.0 % 6.8 %
Income (per month)a Less than $/€500 24 % 27.9 %
$/€500–1000 37.4 % 51.9 %
$/€1000–3000 24 % 17.5 %
More than $/€3000 8.4 % 2.7 %
Specifics of the latest deal
Platform of the latest purchase Groupon 76.5 % 81.2 %
DailyDeal 8.9 % 11.9 %
LivingSocial 5.6 % 2.5 %
Category of the latest deal Restaurant 36.9 % 25.9 %
Beauty, Wellness, and Healthcare 24.0 % 20.4 %
Products 10.6 % 24.4 %
Hotels and Trips 6.2 % 3.0 %
Discount of the latest deal (mean) US Sub-sample 39.6 % 36.7 %
German Sub-sample 52.7 % 46.5 %
Redemption period of the latest deal (mean) US Sub-sample (in months) 4.0 3.7
German Sub-sample (in months) 6.9 6.6
a$ and € were pooled together due to space limitations
Hypothesis 5 (H5): Users’ perceptions
regarding favourable signal-to-noise ra-
tio of DoD offerings have a positive
impact on loyalty to a DoD provider.
Hypothesis 6 (H6): Users’ perceived risk
associated with deal purchases has a
negative impact on loyalty to a DoD
provider.
Hypothesis 7 (H7): Users’ perceptions
regarding service friendliness when re-
deeming the most recent deal have a
positive impact on loyalty to a DoD
provider.
Hypothesis 8 (H8): Users’ perceptions
regarding value for money of the most
recent redeemed deal have a positive
impact on loyalty to a DoD provider.
Hypothesis 9 (H9): Users’ price con-
sciousness has a positive impact on
loyalty to a DoD provider.
Following past studies, respondents’
demographic characteristics, such as age,
gender and country of residence were
additionally integrated as control vari-
ables into our research model (Kimes and
Dholakia 2011; Tuten and Ashley 2011).
Further, two DoD-related variables were
included as controls. First, the number
of DoD deals purchased from the focal
DoD provider was added to account for
the possible effect of habituation docu-
mented for online platforms as well as re-
spondents’ experience with deals from a
particular DoD provider (Khalifa and Liu
2007). Second, the size of the discount of
the most recent deal was incorporated.
Inclusion of these control variables has
allowed us to account for possible sources
of heterogeneity in our model.
4.2 Survey Design andMeasurement
Scales
Initially developed in English, the survey
items were carefully translated into Ger-
man. Psychometric properties of most
scales4 were pre-tested in a survey with
179 subjects (demographic characteris-
tics of the pre-test sample are summa-
rized in Table 1). As a result, a few items
were dropped and some items were re-
formulated to better address the essence
of the construct and the results of the
qualitative study. Every construct was
measured on a 7-point Likert scale (ex-
cept perceived value for money, which
was operationalized with a 7-point se-
mantic differential) and modeled reflec-
tively. For most questions respondents
could choose a “not applicable” (n.a.)
option to ensure consistency of answers
across different deal contexts. We re-
lied on Chandon et al. (2000) to op-
erationalize savings, quality, exploration
and convenience benefits of DoD promo-
tions. Price and Arnould (1999) and Lin
(2008) measures of loyalty were drawn
upon to operationalize loyalty to a DoD
4All construct scales except perceived risk and scales used in the robustness checks (reported in Sect. 6) were part of the pre-test.
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provider. Items for price consciousness
were borrowed from Bloch et al. (1989)
and Lichtenstein et al. (1988). The mea-
sure for signal-to-noise ratio was initially
borrowed from Schöndienst et al. (2011)
and significantly modified to fit the DoD
context. Perceived risk was operational-
ized following Cox and Cox (2001). Per-
ceived value for money measure was ini-
tially borrowed from Dodds et al. (1991).
Items to operationalize service friendli-
ness were adapted from Responsiveness,
Assurance, and Empathy dimensions of
SERVQUAL (Parasuraman et al. 1988) –
an accepted measure of service qual-
ity – since each of these sub-dimensions
emerged during the FG discussions. All
scale items, except for price conscious-
ness, focused on the DoD provider/the
merchant encounter of the deal most re-
cently redeemed, which helped to ensure
the highest level of recall among respon-
dents. Full list of scales is available in Ta-
ble A-1 of Appendix A of the online ver-
sion of this paper. Next, a link to on-
line survey was distributed using a mail-
ing list of one large university in Ger-
many. A raffle of 30 Amazon.de gift cards
was offered as an incentive to partici-
pate in the study. To reduce cultural bias,
the English-version of the survey was
also distributed among students in a US
university in exchange for extra credit.
4.3 Sample Description
332 Respondents accessed the first page
of the survey. Among them, however,
39.2 % omitted a significant share of
questions or selected a “not applica-
ble” (n.a.) option multiple times. Since
these observations threatened to under-
mine the validity of our analysis, we re-
moved them from the final evaluation.
A resulting net sample of 202 usable re-
sponses contained only a marginal num-
ber of missing/n.a. values, with the me-
dian number of n/a reaching 3 for all
items in our research model. The only ex-
ception was the service friendliness con-
struct, for which the mean number of
n/a answers was 23.5 (11.6 %) per item.
A large share of these responses related
to product deals, many of which were re-
deemed online and did not involve a mer-
chant encounter. Taking this into consid-
eration, special care was taken when as-
sessing the impact of this construct on
our dependent variable as explained in
Sect. 5. Table 1 summarizes demographic
characteristics of our sample and charac-
teristics of the last deal that respondents
redeemed.
Overall, available data allows us to
make only limited conclusions about the
presence of non-response bias in our
dataset. Specifically, the “early” vs. “late
wave” method cannot be reliably used in
our case since the German/US data was
collected in a very short 2-/3-day time
frame respectively, after which the sur-
vey was closed. This measure was taken
to motivate respondents to take part in
the survey, as a raffle was used to re-
ward their participation. Nonetheless, the
application of the Mann-Whitney test
to compare respondents from day 1 vs.
day 2 (+ day 3 for US subjects) across
an array of variables such as gender,
age, income, number of deals purchased,
number of deals redeemed as well as
length of DoD participation did not ren-
der any significant differences between
these sub-samples (Armstrong and Over-
ton 1977). Further, demographic charac-
teristics of our sample were compared to
those of Groupon.com, Groupon.de and
DailyDeal.de audience. With some diver-
gence, young, educated, and female cus-
tomer segments are overrepresented on
these platforms (Alexa 2013), suggesting
that our dataset can be considered com-
parable. Hence, with some caution, we
can assume that non-response is not a
concern of our study.
4.4 Empirical Results
In the next step, our research model was
evaluated using the Partial Least Squares
(PLS) methodology with the help of
SmartPLS 2.0.M3 software (Ringle et al.
2005). This approach was preferred due
to the non-normal distribution of our
data: the Kolmogorov-Smirnov test con-
ducted for each item rendered a p-value
of less than a required threshold of 0.05
(measures of skewness/kurtosis are pro-
vided in Table A-1 of Appendix A).
Moreover, the limited sample size and
an exploratory character of our study
also spoke for the use of the variance-
based approach, such as PLS (Fornell
and Bookstein 1982). Mean replacement
was used as a missing value algorithm
throughout the study.
In the forefront, the absence of a com-
mon method bias in our data was as-
sured following a three-step procedure.
First, Harmon’s one-factor test was exe-
cuted using principal components anal-
ysis on all ten constructs included in
our main model (Podsakoff and Or-
gan 1986). An unrotated solution with
a number of extracted factors fixed to 1
rendered a component explaining only
28.2 % of the overall variance. Addition-
ally, extraction of factors with Eigenval-
ues greater than 1 rendered 10 factors,
with a mean share of variance across
factors comprising only 7.7 % (median
4.7, SD = 7.7). Second, the ‘marker vari-
able’ test was used (Lindell and Whit-
ney 2001). To implement this test, we ad-
ditionally included another theoretically
unrelated construct in our survey – self-
disclosure (see Table A-2 of Appendix A
for operationalization). Adding this fac-
tor to our model as another antecedent
of loyalty to a DoD provider did nei-
ther impact any of the path coefficients
in any meaningful way, nor did it af-
fect R2. Furthermore, as can be de-
rived from Table B-2 of Appendix B, all
correlations between marker construct
and other variables used in the study
were low: rmean of absolute values = 0.065
(SD = 0.044). Moreover, a detailed anal-
ysis of correlations between items used in
the marker variable and those of other
constructs suggested the absence of a
common method bias, with a mean of
absolute correlation coefficients reach-
ing 0.057 (SD = 0.0465) and mean of
p-value = 0.516 (SD = 0.3056). Third, a
correlation matrix presented in Table B-2
of Appendix B does not include factor-
pairs with particularly high correlations
(rmax = 0.59) (Bagozzi et al. 1991). To-
gether, these results provide evidence that
our data are not subject to a common
method bias (Podsakoff and Organ 1986;
Pavlou et al. 2007).
Next, the Measurement Model (MM)
was assessed. To ensure Convergent Va-
lidity, measures for Indicator Reliabil-
ity (IR), Composite Reliability (CR) and
Average Variance Extracted (AVE) were
evaluated as summarized in Table B-1
of Appendix B. Only five items in our
model – PC1 (0.691), SNR1 (0.470), PR4
(0.630), PR5 (0.668) and Deal_Conv1
(0.657) – had loadings lower than 0.7,
with all other values exceeding this
threshold (Hulland 1999). Hence, IR
could be assumed. For all constructs the
CR and AVE values exceeded the required
levels of 0.7 (Hulland 1999) and 0.5 (For-
nell and Lackner 1981) respectively. Ad-
ditionally, Cronbach’s Alpha (CA), re-
flecting Internal Consistency of the used
scales, was higher than a required thresh-
old of 0.7 for all constructs (Hulland
1999). All in all, Convergent Validity was
confirmed. Further, Discriminant Valid-
ity was assessed by comparing the square
root of AVE for each construct with the
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Table 2 Standardized path coefficients and significance levels for pre-test and main study
Hypothesis Construct → Loyalty to a DoD provider Path coefficientSignificance Hypothesis outcome
Pre-test Main study
H1 Savings benefits 0.234∗∗ 0.242∗∗ Supported
H2 Quality benefits 0.237∗∗ 0.183∗∗ Supported
H3 Exploration benefits −0.023 0.025 Rejected
H4 Convenience benefits 0.050 0.045 Rejected
H5 Signal-to-noise ratio 0.217∗∗ 0.237∗∗ Supported
H6 Perceived risk n.a. −0.134∗∗ Supported
H7 Service friendliness 0.134∗ 0.128∗ Supported
H8 Perceived value for money 0.073 0.083 Rejected
H9 Price consciousness 0.167∗∗ 0.143∗ Supported
Control variables Age −0.123∗∗ −0.158∗∗ n.a.
Gender 0.036 0.029 n.a.
Country −0.060 0.091 n.a.
Number of deals purchased 0.122∗ 0.182∗∗ n.a.
Discount (most recent deal) 0.183∗∗ −0.052 n.a.
Significance: ∗ at 5 %; ∗∗ at 1 % or lower
correlation between this construct and
any other construct in the model. Since
in each case a square root of AVE was
higher than a corresponding correlation
(see Table B-2 of Appendix B), all con-
structs exhibited acceptable level of Dis-
criminant Validity (Hulland 1999). Taken
together we can conclude that our MM is
well-specified.
In the second step, the Structural
Model (SM) was evaluated. We find that
together variables in our model explain
62.5 % of variance in Loyalty to a DoD
Provider, which approaches a substantial
level of explanatory power according to
Chin (1998). Furthermore, predictive rel-
evance of our model Q2 reached 0.518,
suggesting that independent constructs
in our model have strong predictive rel-
evance for the exogenous construct (Hair
et al. 2011). Next, path coefficients were
evaluated and their significance was de-
termined via a bootstrapping procedure,
by setting the number of cases equal to
sample size (n = 202) as recommended
by Tenenhaus et al. (2005) and the num-
ber of bootstrap repetitions (samples) to
200 as suggested by Efron and Tibshirani
(1998). A no-sign-changes option avail-
able in SmartPLS (Ringle et al. 2005) was
used for evaluation.
As summarized in Table 2, we find that
ability to save money and purchase ser-
vices/products of better quality emerged
as key motives defining user loyalty to a
DoD provider (H1 and H2 supported).
Furthermore, positive signal-to-noise ra-
tio and price consciousness were shown
to magnify, while perceived risk of deal
transactions was shown to dampen con-
sumers’ desire to follow deals on a DoD
platform (H5, H9, H6 supported). Fi-
nally, while service friendliness during
the most recent interaction with the mer-
chant further motivated consumers to
look for more deals (H7 supported), per-
ceptions of value received for the price
paid did not serve as significant determi-
nant (H8 rejected). Despite their salience
in the qualitative study, exploration, and
convenience benefits did not exert a sig-
nificant impact on our dependent vari-
able (H3 and H4 rejected).
Of the control variables, gender, coun-
try of residence of a respondent and a dis-
count obtained in the most recent deal
did not exert any significant influence
on the dependent variable. At the same
time, age was negatively related to loy-
alty, suggesting that younger consumers
are more likely to stay on the DoD plat-
form they once used. Finally, number of
deals purchased in the past was indica-
tive of future behavior, suggesting that
DoD platforms possess a certain level of
stickiness. Importantly, results obtained
in a pre-test were consistent with those
of the main study, suggesting a high level
of consistency of our findings. The only
exception was the size of the discount,
which strengthened respondents’ loyalty
intentions in our pre-test, but was not
significant in the main study.
5 Ad Hoc Analysis
Two ad hoc analyses were performed to
gain a deeper understanding of the com-
plexity of our phenomenon. First, con-
sidering the large number of missing/n.a.
values in responses to service friendli-
ness items, we additionally tested a model
with a smaller sample of 177, in which
observations with missing/n.a. values for
this construct were removed. No no-
table differences to the previous results
were found, with strength and signifi-
cance of path coefficients across all con-
structs in the model staying compara-
ble. R2 dropped only slightly, reaching
61.4 %.
Second, while only direct relationships
were tested in the main model, our quali-
tative analysis suggests that the strength
of the impact of loyalty determinants
can be influenced by a number of in-
tervening conditions, with price con-
sciousness emerging as one of the most
important factors. This is in line with
past marketing research which shows that
price conscious consumers are more tol-
erant towards inconveniences in their
search for the cheapest offer (Rao et al.
2000; Urbany et al. 1996). Applied to
the DoD context, these findings sug-
gest that price consciousness can act
as a moderator of the relationship be-
tween (1) signal-to-noise ratio, (2) per-
ceived riskiness, (3) service friendliness
and loyalty to a DoD provider. To
test for these effects, interaction terms
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Table 3 Standardized path coefficients and significance levels for robustness checks
Construct → Loyalty to a DoD provider Path coefficient R2new Effect size (f 2) Change in significance of other coefficients
Value expression 0.205∗∗ 64.6 % 0.059 No (quality benefits t = 1.845)a
Entertainment 0.266∗∗ 65.2 % 0.078 No
Overspending 0.034 62.6 % 0.003 No
Loss in timing flexibility 0.024 62.5 % 0.000 No
Choice limitations 0.049 62.7 % 0.005 No
Self-consciousness 0.005 62.5 % 0.000 No
aThe significance of the coefficient for Quality benefit has dropped from 5 % level to 10 % level
Significance: ∗ at 5 %; ∗∗ at 1 % or lower
were generated one by one in Smart-
PLS (Ringle et al. 2005), with indi-
cator values being mean-centered be-
fore multiplication. However, no sup-
port for these assumptions was found:
bSNR∗PC = 0.083 (t-statistic = 1.015),
bPR∗PC = 0.027 (t-statistic = 0.352), and
bFRIEND∗PC = 0.011 (t-statistic = 0.199).
6 Robustness Checks
While factors tested in the main study
did emerge as most salient predictors in-
fluencing the development of our phe-
nomenon in the qualitative stage, our in-
ferences about importance of some and
unimportance of other, less mentioned
factors, could still be biased. To account
for these limitations, the impact of six
other factors, which emerged as deter-
minants of moderate importance in our
qualitative study (Fig. 1), was also tested
as part of model robustness checks.
Specifically, the following six fac-
tors – perceived benefits: (1) enter-
tainment, (2) value expression; per-
ceived costs: (1) loss in timing flexibil-
ity, (2) choice limitations, (3) overspend-
ing; and merchant encounter: (1) self-
consciousness – were additionally in-
cluded one by one into our model as
direct antecedents of loyalty to a DoD
provider. The full list of scales is avail-
able in Table A-2 of Appendix A. We
find that despite only cursory mentioning
in the FG/interviews, perceptions regard-
ing value expression and entertainment
benefits do exert a significant impact on
users’ loyalty intentions, even though the
effect size for these two factors is small
(Cohen 1988) (see Table 3). On the other
hand, perceived costs such as overspend-
ing, loss in timing flexibility and choice
limitations as well as expectations of el-
evated self-consciousness do not actually
stand in the way of users’ loyalty, despite
being lamented.
7 Theoretical and Managerial
Implications
Contributing to existing research, our
study reveals that while users appreci-
ate benefits of convenience and explo-
ration when discussing DoD platforms, it
is the monetary incentives – savings and
quality benefits – which make them en-
gage in repeated purchasing and positive
word-of-mouth. Indeed, our study shows
that DoD platforms serve as a magnet for
price conscious customers, who exhibit
high loyalty intentions to DoD providers
they once tried. Together, these findings
suggest that delivering greater savings
should remain the highest priority for
DoD providers. This importance of offer-
ing monetary incentives, however, reveals
the complexity of the DoD business envi-
ronment, since this strategy alone makes
it difficult for a provider to differentiate
itself from a multitude of other players
all touting savings. Hence, additional ef-
forts are required to promote user loy-
alty. As our study shows, enhancing user
perceptions of making “smart” purchases
in an entertaining environment can fur-
ther enhance platform stickiness – in-
sights DoD providers could make use of
in their search for differentiation.
Our study reveals that low signal-to-
noise ratio represents a major hurdle for
consumer loyalty. This is in line with
past research on couponing: Dickinger
and Kleijnen (2008) argue that customers
should not be overwhelmed with coupon
offers; instead companies should concen-
trate on consumer education of coupon
usage and their usability. In a similar
vein, our findings from the DoD context
call for the optimization of the email-
ing strategy: almost a third of respon-
dents in our sample (26.9 %) felt to
some extent spammed by emails from the
DoD provider – a perception providers
should address. Moreover, our analysis of
the moderating influence of price con-
sciousness on the link between signal-to-
noise ratio and loyalty to a DoD provider
did not reveal any significant relation-
ship suggesting that all consumers are
equally affected when flooded with ill-
fitting deal offers. To enhance the value
of the offers passed on to consumers,
preference- and demographics-based tar-
geting can be used, as currently pioneered
by a handful of DoD providers (Perez
2012b). In the long-term, improvements
in this area are likely to secure a compet-
itive advantage for providers working in
this direction. Beyond challenges caused
by information overload, perceived risk
emerged as another impediment damp-
ening users’ intentions to shop for daily
deals. To address this challenge, providers
should seek ways to decrease information
asymmetry, by providing consumers with
easy access to customer reviews as well
as integrating ratings of DoD customers,
who previously participated in deals of
the featured merchant. Together, these
measures will contribute to enhancing
platform sustainability.
Further, our findings provide evidence
for the presence of significant spill-over
effects, with merchant performance ex-
erting a direct impact on loyalty to a
provider who mediated a deal. This out-
come suggests that DoD providers should
select merchants and set up their deals
very carefully, since one poor experience
with a merchant could have a damaging
effect on subsequent purchase intentions.
In particular, DoD providers should en-
sure service friendliness of the merchant,
since unfriendly treatment results in the
loss of loyalty for a DoD provider. This is
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important with regard to all categories of
consumers, regardless of their price sen-
sitivity, as suggested by our ad hoc anal-
ysis, which makes this strategy particu-
larly vital to implement. In this context,
alignment of interests of a merchant, its
employees and a DoD provider emerges
as critical. For example, while business
owners and senior managers typically
make a decision to take part in a DoD
promotion, the customer-facing employ-
ees – waiters, cooks, hair-dressers – are
the ones who have to deal with an in-
coming wave of DoD customers. Fac-
ing high workload, these employees in-
evitably experience high level of exhaus-
tion and frustration, which may lead
to poor customer treatment (Agrawal
2011b; Dholakia 2010, 2011). Consider-
ing these effects, setting realistic limita-
tions on the number of vouchers avail-
able for sale should be a priority not
only for a merchant but also for a DoD
provider. Nonetheless, only 11 % of busi-
nesses in the study by Dholakia (2010)
placed a limitation on the number of
vouchers offered for sale.
In conclusion, our findings provide a
roadmap for DoD providers on their way
to build and, more importantly, support
a loyal customer base.
8 Conclusions and Limitations
As DoD promotions start to occupy a
prominent place in marketers’ toolbox,
there is a growing interest to understand
customer behavior on these platforms.
To address this need, this study exam-
ined the context and determinants of
user loyalty to a DoD provider. We find
that customer loyalty is largely driven by
monetary incentives – the opportunity
to gain better quality and save money –
but can also be promoted if value expres-
sion and entertainment benefits are pro-
vided. At the same time, properties of
merchant encounter can dampen users’
intentions to repurchase if merchants
fall short of users expectations concern-
ing customer treatment standards. In ad-
dition, enhancing signal-to-noise ratio
and decreasing information asymmetries
emerge as significant challenges DoD
providers should address on their way to
building a loyal customer base.
Our study is subject to several limita-
tions. First, our respondents were from
two different countries – USA and Ger-
many – and reported on their experi-
ences with deals from various categories.
Hence, potential for data heterogeneity
and possible differences in users’ behav-
ioral patterns cannot be excluded. Fu-
ture research should concentrate on iden-
tifying these potentially different cus-
tomer segments to better understand di-
verging patterns of loyalty on DoD plat-
forms. Further, our sample mainly in-
volves students. Kruglanski (1975) ar-
gues that student samples are accept-
able when the research question revolves
around general psychological constructs.
In addition, students are typically price
conscious, which makes them an im-
portant target group for DoD providers
(Narasimhan 1984). Nonetheless, other
demographic segments should be further
explored to gain a full picture of be-
havioral intricacies in this novel setting.
On the whole, while our study represents
the first attempt to systematically study
the context of user loyalty on DoD plat-
forms, gaining a deeper understanding
of customer behavior on DoD platforms
remains a promising venue for future
research endeavors.
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